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M: Mature and commonly applied in industrial applications.  (Ref: ISO 13379-1: CM and D of machines-Data
D: Under development and some initial applications. interpretation and diagnostics techniques)
P: Promising and potential.
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Nomenclature

DGC
TOF
FDF
TFDF
SF

dissolved gas concentration

time domain feature(s)
frequency domain feature(s)
time-frequency domain feature(s)
statistical feature(s)

empirical parameters

hardness

H2, CH2, CO, CH2, C2H2, CH4, C2H4, C2H6, C3H8

Root Mean Square(RMS), Time Domain Reflectometry(TDR), peak, Negative Sequence Current, Negative Sequence Voltage, Variance of autocorrelation modal current envelope, cooling ability, Pressure rise coefficient, Debris production, change of magnetic flux, negative-sequence impedence

Frequency Domain DR), Rotor Slot
Wavelet coefficient, oxygen consumption measurement, Hilbert spectrum

IPCA(index of particle coverage area) (cylinder)

Laplacian Mahalanobis-Taguchi system, regression models, linear observer model & threshold
inverse tensile compliance, insulation hardness

Copyright 2017. M2CH&tm, UNIST, $t=2

oo

ST

i

Stator slot sideband frequency, air-gap torque,NA4, NAG*, NA4 reset, M6A, M8A, FM4, NB4, BPFO, FTF,BPFI, FTF/FTFI, BFI, Defect frequency, induction motor current, harmonics and sidebands, partial discharge, Harmonics, Residuals
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